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Application of Genetic Algorithm for Optimisation Problems
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Abstract

Genetic Algorithm (GA) is the optimum search method that used principle of natural
selection of biology by simulating of genetic evolution. There are five steps in the method: initial
population, genetic operators, fitness computation, selection and termination condition. The
important steps of GA are selection step which will select appropriate chromosomes to be
population to the next generation and genetic operators that is composed of crossover operator
and mutation operator. In this research, GA was presented and applied to the function problem
with one variable which was the optimisation problem. The detail of each step of GA was
described. From all step of GA, it was shown that GA process could develop the initial solutions

to be the best solutions. Therefore, GA another one choice for applying to optimisation problems.
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v, =[x]=[178]
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vy =[x]=[227]

nadliavguane 8 Ja azifiuladnen
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finnsusualeglugaeignmnuald By
asnsaUsulFannaunii (3)
x'= x10 (3)
255

Wasuaualazlarueeiiul s
vl =[x']=[ 6.98039]
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=[x']=[ 6.90196]

[x']=[ 2.27450]

vg
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v, =[x']=] 8.90196]
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eval(v}) = £(6.07843) = 5.8976
eval(vs) = f(0.11764) =1.5449
eval(vy) = £(3.88235) =3.7037
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D" £(x)=7.8084+4.8121+9.5019 +5.8976

+1.5449 4+ 3.7037 + 7.6443 + 4.6701
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WANANUWINEN DA AL AT I

fitness (v;) = 67(;.89058546 =0.128099

fitness (v,) = 61)89152516 =0.078944
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